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New isn't better: when to upgrade
your Al model and when to sit still

A newer model isn't automatically the right one. Upgrade on evidence from
your own tasks — not on the announcement email.

By Dave Taylor

Should you upgrade your Al model every time a new one is announced? No. Upgrade on
evidence, not on the announcement email. Inference prices have fallen by a median of
roughly 50x a year, but Epoch Al's data shows that drop is "rapid but unequal” — spread

unevenly across models and tasks. So a newer, cheaper model might be a clear win for your
workload, or a quiet regression, and the only way to know is to run it against your own real

tasks before you switch a single production automation over to it. The newest Al model is a
candidate, not an upgrade — and treating those two as the same thing is how teams break

working systems for a version number.
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Should you upgrade every time a new model drops?

The default answer most teams reach for is yes — and it's the wrong default. New releases
arrive with benchmark charts, a lower price per token, and a subject line that reads like a
deadline. None of that tells you whether the new model is better at the specific job you've
already got running. A benchmark score is an average across someone else’s tasks, chosen
to make the new model look good. Your production workflow is not the benchmark. It’s a
narrow, particular slice of work — a certain kind of email, a certain document format, a
certain tool-use pattern you've tuned prompts around for months.

So the honest answer to "should | upgrade?” is another question: better at what, measured
against what? A model that tops a coding leaderboard can be worse at summarising your
contracts, and you won't see that in the announcement, because the announcement was
written to sell the average, not to warn you about your edge cases. The upgrade decision
isn't a reflex you owe every vendor the moment they publish a chart. It’s a small test you run
when a new model looks promising, on the work you actually do, with outputs you already
know are right. Frame it that way and the pressure drains out of every launch: you're no
longer behind on anything — you're holding a candidate against a standard. The burden of
proof sits with the new model, not with the one that’s already earning its keep in
production and hasn't given you a reason to touch it.

Therelease treadmill is atax

The release cadence is relentless, and reacting to all of it is a cost most teams never put on
the books. In a single stretch you'll see Anthropic ship Fable 5, Opus 4.8, Sonnet 5 and
Haiku 4.5; OpenAl move through the GPT-5.5 line; Google push Gemini 3.1 Pro and 3.5 Flash.
Every one arrives dressed as an upgrade you’re behind on. If you take the bait each time,
the work never ends: re-testing prompts, re-tuning outputs, re-checking edge cases, re-
approving anything that touches a client. That’s engineering time and attention spent
chasing version numbers instead of shipping outcomes.

The treadmill has a real gravitational pull, and it’s worth naming why so you can resist it.
Nobody wants to be the person running last quarter’s model when a competitor mentions
this quarter’s on a call. But "current” is a vanity metric — it measures how you look, not how
your system performs. The number that actually matters is whether your automation still
doesiits job accurately and at a cost you can live with. A model quietly doing exactly that in
the background is worth far more than a newer one you've spent three days migrating to
and haven't fully re-verified. The pointisn't to ignore releases — it's to stop treating each
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one as an obligation you're already late on. Read the release, note what changed, and move
only when a candidate earns the switch on your own evidence. Sitting still, with a system
that works, is a valid and often correct decision — not the thing you apologise for.

A newer model can be worse at your specific job

Here’s the part the benchmark charts hide: a newer model can regress on your workload
even while scoring higher overall. A leaderboard win is an average, and averages smooth
over exactly the cases you care about. When a lab retrains and realigns a model, behaviour
shifts in ways that don’t show up in a single headline number — new refusal patterns on
prompts the old model handled, changed default formatting that breaks a downstream
parser, different tool-use habits, and plain prompt sensitivity, where wording you tuned
carefully now lands differently.

None of that means the new model is bad. It means it's different, and your workflow was
tuned to the old one’s specific quirks. Anthropic’s own Claude Sonnet 5 announcement

frames a newer, cheaper model as a strong general option — not as a drop-in replacement
for whatever you've already tuned to your own work. Read that framing carefully: "better
and cheaper on average” is a claim about the average, and your production job isn't the
average. It's one narrow slice, and the slice is exactly where an average can hide a
regression. The switching cost is real and mostly invisible until you pay it — re-testing every
prompt, re-tuning outputs, re-checking anything client-facing, and hunting for the
regressions that only surface on your own data. A model that's 5% better on paper and 15%
more work to re-verify is not an upgrade this quarter. It's a project you didn’'t schedule,
dressed up as a quick win you can't refuse.

The best model is the one your workflow is tuned to

The best model for a running automation is usually the one it’s already tuned to — until the
evidence says otherwise. Value doesn't sit in the raw model. It sits in the accumulated fit
around it: the prompts you refined, the output format your downstream steps depend on,
the edge cases you found and handled, the quirks your team learned to work with. That fit
is an asset you built, and it doesn't transfer for free when you swap the model underneath
it. Swap the engine and you're re-earning trust you'd already banked.

Sitting still isn't the whole strategy, though, and pretending it is will eventually bite you.
Models get retired on a published timeline — Anthropic’s models overview lists Claude Opus

4] for retirement on 5 August 2026, and every provider deprecates old versionson a

schedule you don’t control. "Never upgrade” isn't an option on the table; a deprecation
date will eventually force the move whether you feel ready or not, and being forced is the
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worst time to migrate, because you're doing it against a clock instead of on your own
evidence. So the real skill isn't loyalty to one model or reflexive chasing of the newest one —
it’s timing. You move deliberately, on tested evidence and ahead of a forced retirement,
rather than reactively on a launch day or in a panic the week a model goes dark. The same
discipline underpins how to pick a model in the first place: fit to your specific task beats

headline capability, every single time.

How to decide: a small evaluation before you switch

Before we move a client automation to a newer model, we run a small evaluation — and the
rule is simple: upgrade only if the new model wins on both quality and cost. We keep a
saved set of the client’s own real tasks: the actual emails, documents and requests the
automation handles day to day, paired with the outputs we already know are correct. When
anew model looks promising, we run it against that same saved set and compare its
answers, side by side, against the model currently in production — same inputs, same
prompts, no cherry-picking. If the new one matches or beats the current output on quality
and costs the same or less to produce it, it earns the switch. If it wins on price but slips on
quality, or reads better but costs more, it stays a candidate — not a change. Two wins or it
waits. That single rule kills most of the pressure a launch email is designed to create.

This is cheap insurance, and it quietly changes what a release announcement means to
you. Instead of "here’s another migration you're behind on,” it becomes “here’s a candidate
to run through the harness whenever there’s an actual reason to.” The harness itself is
modest — a few dozen saved tasks and an afternoon to set up — and it pays for itself the
first time it catches a regression before that regression reaches a client. It also keeps the
treadmill honest in both directions: you're not ignoring new models out of laziness, and
you’re not chasing them out of anxiety — you’re holding every one of them to the same
standard, measured on your work. This pairs with watching why your token costs keep

rising even as prices fall: a cheaper per-token price is only a real saving if the new model

doesn’t quietly use more tokens, or need more retries, to do the same job to the same
standard. Announcements don’t move production. Evidence does.

The bottom line

New isn't better by default — it's a candidate until your own tasks say otherwise. Inference
prices keep falling, roughly 50x a year but unevenly, so a newer model is sometimes a
genuine win and sometimes a regression dressed as one. The job of a serious operator is to
tell those apart, and the only reliable way is to test a new model against a saved set of your
real work and compare quality and cost before you switch a single production step. Sitting
still is fine until a deprecation date or a proven win says move — then you move deliberately,
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not reactively. If you want a second pair of hands building that evaluation harness so every
model decision runs on your evidence instead of a launch email, book a 30-minute working

session and we'll set it up around your actual automations.
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